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Abstract: According to the features of big data era this paper analyzes the main challenges that massive data bring to the a—
nalysis tool of data science. The paper introduces the big data analysis tool in response to challenges. Then the paper carries on the
comparative analysis of R language Rapid Miner and Mahout 3 popular analysis tools of big data in data science which finds that
R language and Rapid Miner have fully functions and the Mahout has more outstanding analysis capability of big data. Finally the
paper points out the development trend of data science analysis tool.
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